This paper analyzes the existence of "wealth effects" derived from net equity (in the form of housing, financial assets, and total net worth) on consumption. The study uses longitudinal household-level data-from the Panel Study of Income Dynamics (PSID) -covering about 7,000-9,000 households in the U.S., with the estimations carried over the period 1999-2017. Overall, wealth effects are found to be relatively large and significant for housing wealth, but less so for other types of wealth, including stocks. Furthermore, the analysis shows how these estimated marginal propensities to consume (MPC) from wealth are closely linked to household characteristics, including income and demographic factors. Finally, underlying structural changes in household characteristics point to potentially lower aggregate MPCs from wealth going forward. JEL Classification Numbers: housing and financial wealth; consumption; household surveys.
I. INTRODUCTION
Financial asset prices tend to experience significant swings. Stock prices were subject to two significant boom-bust episodes over the past quarter of a century, with the U.S. stock market losing about half of its value following the collapse of the "dot com bubble" and the global financial crisis of 2008-09. House prices are not immune to this phenomenon. Real house prices in the U.S. fell by over a third between 2006 and 2012 (see Figure 1) .
Moreover, the refinancing trends in "boom years" preceding the global financial crisis, supported by low mortgage rates as well as innovations in financial and mortgage markets, enabled households to liquify their housing net equity in cheaper, faster ways. At the same time, consumption remains an important driver of growth, accounting for almost 70 percent of total output in the U.S., and an average 1.6 percent contribution to annual GDP growth over the last decade. With the recent large increases in stock and house prices, there has been a renewed widespread media attention and economic policy debate regarding the consumption effects of fluctuations in household financial and housing wealth. In other words, would a potential correction in asset prices have a significant impact on consumption? The existence of relationship between households' income and consumption has long been established in the economic literature, even if under different variants (see, for instance, the seminal works of Keynes, 1936; Modigliani and Brumberg, 1954; Hall, 1978; Engle and Granger, 1987; and Campbell and Mankiw, 1990 ; among many others). Nevertheless, an important question is whether beyond the effects of income (including expected income) on consumption, households also base their consumption decisions, in part, on the value of their net assets or wealth. That is, is there a positive and significant marginal propensity to consume (MPC) out of net wealth?
A well-developed literature in macro-finance has established an empirical link between aggregate consumption and wealth (e.g. Poterba and Samwick, 1995) . A related literature has argued that shocks to different forms of wealth can elicit varying consumption responses, with empirical results generally confirming this (e.g. Case et al, 2005; Benjamin et al, 2004) . Much of the empirical evidence comes from time-series multivariate models (e.g. vector autoregressive models) that include aggregate consumption and measures of wealth, and often, other macroeconomic variables (e.g. aggregate income). Another strand of this literature uses theoretical-based models for measuring wealth effects on aggregate consumption. For instance, Carroll et al (2011) introduced a model with "habit formation" to estimate the short-term (next quarter) and long-term marginal propensity to consume out of housing and financial wealth. Overall, these papers rely on the use of macro-level data to establish a relationship between aggregate consumption and measures (or proxies) of housing and equity wealth. However, an important drawback in the literature using aggregate time series or macro-based approaches is that the nature and drivers of the relationship between consumption and wealth are difficult to interpret. For example, such analysis does not allow us to distinguish between direct causality versus common factors affecting both financial/housing wealth and consumption or to identify the determinants behind this relationship and how these have evolved over time.
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To overcome some of these issues, this paper relies on micro data-that is, individual or household-level data-which include an important cross-sectional dimension. This additional variation along another dimension of the data facilitates inference on the different determinants and alternative hypotheses behind the observed relationship between aggregate consumption and wealth. In this sense, granular data enables a richer characterization of the MPCs, by allowing these to be conditioned on key household characteristics (see e.g. Paiella, 2009 ). For instance, aggregate propensity to consume out of housing wealth estimated using macro data might hypothetically appear to be insignificant. However, such an estimation might mask a reality in which homeowning households increase their consumption following an increase in house prices, whereas households renting a home respond to the increase in house prices by saving more (either because rents are also likely to go up or to save more in order to buy a house in the future). These two effects then net out at the aggregate levelIn other words, MPCs out of wealth might depend not only on the type of wealth, but also on the characteristics of the household (e.g. income, type of asset holdings, socio-economic characteristics, demographics, etc).
The empirical literature of wealth effects using micro-level data remains limited, mainly reflecting limited sources of data to explore this issue. Ideally, in order to determine the quantitative importance of wealth effects, the data should include a comprehensive measure of household consumption and detailed data on household balance sheets. Moreover, the data should be sampled at frequent intervals and over a sufficiently long period to explore any changes in MPCs over time (see Paiella, 2009 , for a more detailed discussion). A few examples of studies using micro-level data include Paiella (2007) for Italy ; Bover (2005) for Spain; Attanasio and Weber (1994) , and Campbell and Cocco (2007) for the UK; and Parker (1999) , Maki and Palumbo (2001) , Juster et al (2006) , and Bostic et al (2009) for the U.S. This literature finds a relatively wide range of MPC estimates. In the U.S., an additional dollar in housing wealth would translate into an increase in consumption ranging from 1 cent to 15 cents. Similarly, estimates for total wealth MPCs are concentrated in the 3-5 cent range.
The main objective of this paper is to assess and quantify the existence of an MPC out of household wealth. For this purpose, the estimation uses household-level survey data, covering over 7,000 U.S. households over the period from 1999 to 2017. The paper also analyzes whether different forms of wealth-particularly housing wealth and wealth in the form of financial assets-have different MPCs. Finally, the paper quantifies some of the main determinants behind these MPCs.
This paper is organized as follows: Section II presents the main data used, as well as the empirical strategy to estimate the MPCs. Section III describes results obtained using macro data; whereas Section IV presents and discusses the main the estimation results from the micro-based evidence analysis. Section V concludes.
II. DATA AND EMPIRICAL METHODOLOGY
This section is divided in two sub-sections. The first one describes the household-level data which is the workhorse of this paper for the estimation of micro-based MPCs. The second one presents the empirical strategy used to estimate these MPCs.
A. Household-level Survey Data
The estimation of the MPCs at the household level relies on the use of longitudinal survey data from the Panel Study of Income Dynamics (PSID), maintained by the Institute for Social Research at the University of Michigan. Our data sample derived from the PSID includes approximately 7,000-9,000 households, depending on the year, across all U.S. states. The sample period goes from 1999 to 2017, every other year.
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The PSID database includes a large number of socio-economic and demographic characteristics of U.S. households. In particular, it includes details on households' income as well as their assets and liabilities. In addition, it contains details of households' various consumption and spending items. This enables a fairly detailed characterization of household flows and balance sheets. Moreover, for every household, the PSID collects a large number of demographic characteristics for the head of the household-including age, gender, marital status, birth place, ancestry details, ethnicity, among others-as well as for other family members.
Measures of household income and wealth, as well as measures of household spending, are key to the analysis. All nominal values are converted to 2017 real dollars using the personal consumption expenditure (PCE) price index. 5 Table 1 presents some descriptive statistics for selected variables of wealth, income, and consumption. These variables all appear to be positively-and significantly-correlated with each other. 
B. Empirical Analysis

Micro-based estimation
The estimation of the MPCs at the household level is carried out using standard regression analysis. The core estimation model can be expressed algebraically as follows:
where , is the consumption of household in period , , denotes total household income (including taxable income and social transfers), , is a measure of wealth, , is a vector of controls (which can include dummies and time fixed effects), , , , and are parameters to be estimated, and , is an error term. In particular, the parameter denotes the MPC out of wealth type , and is thus the main parameter of interest in the regression analysis.
In the above regression model, the parameter is assumed to be constant, and not directly linked to household characteristics (although , can include household-specific variables). However, one of the main objectives of using micro-data is to analyze the determinants of MPCs using household-level variation and characteristics. Therefore, in a second stage, the parameter is allowed to be function of household characteristics: = , = Φ( , ), where , is a vector of household characteristics, such as income, demographics, and socioeconomic conditions. In most cases, the relationship between the MPC parameter and household characteristics , is established by including interaction terms in the regression.
An important point to note is that most of these household characteristics tend to exhibit a relatively high persistence across time for a given household. In fact, some of these characteristics-such as gender or race-are pure "fixed effects", in the sense that they do not vary across time. But even other characteristics, such as income, education, or residency, tend to exhibit a high correlation across time for a given household, and thus would correlate significantly with a cross-section fixed effect. Given that determining the role of household characteristics on MPCs is a key part of the analysis, the core estimations omit the fixedeffect term, to minimize the potential multi-collinearity with the various household characteristics. However, a caveat related to this modeling choice is that fixed-effect terms could also capture differences in preferences, unobserved credit differences, differences in exposure to labor market risk, or any other factor imperfectly correlated with the observable variables included in the regression analysis.
Another important methodological aspect is that MPCs are estimated based on a combination of cross-sectional and time-series variation. In particular, the analysis of the changes in MPCs across time (Section IV.A) rely purely on cross-sectional variation between households and-by design-it assumes that, conditional on the controls included in the regression, changing wealth would lead households to change their consumption in the same manner. In the literature, estimation of MPCs usually rely mainly on time-series variation, though other studies (see e.g. Bostic et al, 2009 ) also rely on cross-sectional variation. In any case, the cross-sectional dimension in the PSID, which comprise of households and not of single individuals, should be seen as fluid entities, whose composition can change through time. For instance, a household in the PSID could comprise a single person in one period (i.e. the household head), that then gets married the following period, and the resulting couple then have children in subsequent periods. Thus, changes in consumption patterns of that household are not necessarily only linked to changes in the preferences of the household head (or any of its members) but can be due to changes in household composition and other household characteristics. Hence, the importance of defining the household in terms of its characteristics rather than a fixed cross-sectional unit.
Macro-based estimation
To complement the household-level estimations, this study also includes the estimation of MPCs using aggregate time series of real private consumption (from national accounts), as well as the time series of real stock and house price indices.
For this purpose, a standard vector autoregressive (VAR) model is used. Algebraically, the model can be expressed as:
where is a vector containing the real series of private consumption, the S&P-500 stock price index, the Case-Shiller house price index, and aggregate household disposable income, at time . 0 and the 's are matrices of parameters to be estimated, and is an error term assumed to be a martingale difference sequence with respect to the natural filtration ℱ with bounded second moment. Then, based on the estimation results from the model described in equation (2), the impulse response function of real consumption to stock price and house price shocks are used to determine the sensitivity of aggregate consumption to these variables. Figure 2 presents the resulting impulse response of real consumption to a 10 percent shock to house prices and stock prices, respectively, estimated over the period 1999-2017 at a quarterly frequency. These impulse responses show that a shock to house prices tend to have a larger effect on consumption than a commensurate shock to stock prices. Moreover, the house price shock appears to be longer-lasting, with the overall consumption response increasing between the first and the third year after the initial shock. In fact, in the case of a stock price shock, the response of real consumption is statistically significant four quarters after the initial shock, but it is no longer significant (based on the 5 percent confidence bands) after 3 years.
III. MACRO-BASED EVIDENCE
Overall, evidence using aggregate time series data suggests that changes in house prices, and thus in housing wealth, tend to play an important role in explaining changes in aggregate consumption. This is not the case regarding stock prices, which appear to have only a small and temporary effect on aggregate consumption. To shed more light on these relationships, the study turns to micro data in the next section and presents the estimation results of MPCs based on household-level data.
Figure 2: Response of Consumption to Stock and House Price Shocks
Notes: Bars represent the impulse response function of real private consumption to shocks that raises real house prices and real stock prices by 10 percent after one and three years, respectively. Filled bars denote that the lower and upper 5-percent confidence bands of the response function are both positive. Cholesky decomposition method is used, showing two different orderings: the shock variable ordered just before private consumption, but 'less exogenous' than the other two variables (order 1), and the shock variable ordered as the 'most exogenous' of the four variables included in the model (order 2). In all specifications, income, house prices, and equity prices are allowed to impact consumption both through lags and simultaneously.
Source: IMF staff calculations.
IV. MICRO-BASED EVIDENCE: MAIN RESULTS
A. Estimated MPCs
This section presents and discusses the results of the MPCs estimated using household-level survey data. These estimations are based on the model described in equation (1), where the effects of different types of wealth on consumption are assessed. Table 2 shows the resulting MPC estimates, controlling for household income.
Net housing wealth, which is the gross value of any primary home minus any mortgage debt related to that property, is found to have a relatively large and statistically significant-at the 1 percent level-MPC associated to it. Indeed, these results suggest that every additional dollar in housing wealth would lead to an increase in household consumption of about 4 cents. 7 An important channel appears to be the increase in consumption derived from homerelated debt. Indeed, the MPC out of gross housing wealth is larger than its net counterpart, suggesting that households would 'liquify' a portion (but not necessarily all) of the increase in gross home wealth, resulting in higher home-related debt and higher consumption, and still potentially higher net wealth.
Other forms of wealth, including aggregated nonfinancial wealth (physical assets including housing) and financial wealth (bank accounts, stock holdings, fixed income holdings, and other financial investments, including IRAs), are also found to have a much lower MPC relative to that of housing wealth. Although these are all found to have a statistically significant MPC, their values are relatively small, corresponding to a fraction of a cent of additional consumption as a result of a 1-dollar increase in wealth. The same applies to total net wealth, as well as net wealth excluding housing. In the case of wealth in the form of stock holdings, the corresponding MPC is fairly small and not statistically significant.
These results are robust to the inclusion of additional controls, other than household income, in the core regression model. Controlling for household income is crucial, as there is a strong positive correlation between income (flows) and net wealth (stocks), given that households with larger earnings tend to exhibit higher asset values (e.g. more expensive houses, cars, and larger financial investments). Household reported income mainly comprises of taxable income (including labor income and investment rents) and official transfers. Moreover, there is a very strong relationship between income and consumption. The average household consumption spending is about two thirds of total household income, with lower-income households consuming more than their overall reported income (Figure 3) . 8 Thus, failing to include household income in the regression could lead to significant bias in the estimated MPCs. Tables A1 to A3 present several robustness checks, including using a number of household-specific characteristics usually found in the literature as additional controls. 
MPCs over time and across states
Another interesting issue is regarding the evolution of these MPCs over time. An important advantage of using longitudinal household-level data is that it enables the estimation of these average MPCs at every period when the PSID survey was conducted. Figure 4 shows the evolution of the MPCs for housing wealth and stock holdings, as well as that of total net wealth. These estimations confirm the results presented in Table 2 , that is, the MPCs for housing wealth are statistically significant and noticeably larger than the MPCs related to other forms of wealth. In particular, MPCs for stock holdings are found to be close to zero and are not statistically significant for most periods. In the case of MPCs for housing wealth, these appear to have increased around the turn of the century and through the early 2000s, but-despite some volatility-have been following a broad downward trend over the past 12 years or so. This is an aspect of these MPCs that will be further analyzed once the effects of household characteristics on MPCs are taken into account.
In addition, the PSID also includes details of households' current location. Therefore, the study also estimates these MPCs for each U.S. state.
9 Figure 5 shows the corresponding results for the state-level MPCs out of net housing wealth, stock holdings, and total net wealth.
Figure 4: Changes in MPCs Across Time
Notes: markers denote statistically significant MPCs at the 10 percent level. Source: IMF staff calculations.
9 The sample includes the 50 U.S. states in addition to the District of Columbia (DC). 
MPCs for selected types of wealth
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Housing wealth MPCs appear to be significant in several states, including those located around both coastal areas (and particularly in states such as Georgia, Massachusetts, New York, and Vermont on the East Coast) as well as southern states such as Arkansas, New Mexico, and Texas. As expected, estimated MPCs for stock holdings are not found to be statistically significant for most states. These MPCs are positive and significant only in a few states on the North-Eastern Coast and a few southern states (Arizona, New Mexico, Texas). Moreover, the magnitude of the estimated MPCs is relatively large-i.e. exceeding 5 cents in increased consumption out of every dollar of additional stocks wealth-only in two states (Vermont and Wyoming). A similar picture is obtained in the case of total net wealth. Overall, based on the estimated MPCs, these results also suggest that housing wealth is relatively more important than other forms of wealth for consumption.
An important remaining question is thus, what determines the evolution of these MPCs both over time and across states? In fact, households across state lines tend to have different socioeconomic and demographic characteristics, which can-in part-explain the observed differences in MPCs. Moreover, these household characteristics can also evolve over time. Indeed, the relationship between MPCs and household-specific characteristics is the main focus of the next sub-section. 
B. The Role of Household Characteristics
Thus far, MPCs for each type of wealth were only allowed to vary across U.S. states and over time. However, one could envisage that MPCs tend to vary from household to household, based on a set of key household characteristics. Therefore, this section explores the role of several household characteristics in determining the magnitude of the estimated MPCs. In other words, the MPCs are modeled as a function of household-specific characteristics. In particular, the effects of demographic and socio-economic (including income distribution) are analyzed in more detail. Table 3 exhibits the estimated MPCs for net housing wealth, stock holding, and total net wealth (including and excluding net housing wealth), as a function of key household characteristics. These results are derived by modifying equation (1) to allow for the interaction of different types of wealth with 'dummy' variables for different household groups, split along certain household characteristics (e.g. home ownership, age groups, employment status, etc). Algebraically, this can be written as:
where is the 'dummy' variable for a given household group , with ∑ = 1.
These results confirm, once again, that the MPC for housing wealth is significantly larger than that of other forms of wealth, even accounting for household-specific characteristics. In fact, the MPC for holdings of stocks is not found to be statistically significant across almost all household characteristics.
Focusing on the MPC related to housing wealth, where most of the action seems to take place, provides some interesting insights ( Figure 6 ). First, as expected, housing wealth effects only act through those that own a home, and thus do not have any impact on those renting a home. 10 Second, younger individuals tend to have a significantly larger MPC compared to older cohorts. For instance, those aged 25-44 years would tend to increase their consumption by almost 8 cents for every additional dollar of net housing wealth, compared to less than 4 cents for those aged 65 years or older.
11 Third, those currently working have a larger MPC than those not working (including those retired, unemployed, students, or disabled). Other socio-economic characteristics also seem to matter. For instance, those that did not attend college tend to have a higher MPC compared to those that did; married individuals tend to have a higher MPC (and higher average consumption levels) than those currently not married; and those reporting higher life satisfaction have a higher MPC than those reporting less satisfaction in life; etc. In addition to demographic characteristics, income distribution is also likely to play an important role in determining the magnitudes of MPCs. To assess this, an interaction term between household income and housing wealth is introduced in the regression framework represented by equation (1). Table 4 suggests that the estimated housing MPC falls as household income raises, which is a result often found in the literature. In other words, it seems that lower-income households tend to have a higher MPC out of housing wealth compared to higher income households.
Table 4: MPC for Net Housing Wealth as a Function of Household Income
Notes: Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. "truncated sample" excludes the lowest and highest 1 percentiles of the income distribution. Sources: PSID; and IMF staff calculations. However, the relationship between MPCs and household income might go beyond a simple interaction term between these two measures. In particular, there might be strong nonlinearities which are not well captured with the simple interaction term presented in Table 4 . Thus, to further analyze the relationship between income and MPCs and to allow more flexibility in the estimation model, individual 'dummy' variables are created for different income groups. These are interacted with housing wealth in the same fashion as for the other household characteristics analyzed earlier, described in equation (3). Figure 7 presents the main results of the MPCs out of housing wealth (in both net and gross terms) for different income groups.
entire sample entire sample entire sample truncated sample Although the lowest-income households exhibit once again a higher MPC out of housing wealth relative to other income groups, the relationship between income and MPC appears to be non-monotonic. In particular, MPCs derived from net housing wealth appear to be larger at both end of the income spectrum relative to most of the income groups in the middle. In the case of high-income households, a possible explanation is that these households tend to have more access to credit-as they have more reported (taxable/official) income that can be used in any loan application-and are thus able to derive higher consumption out of their housing assets as they "liquify" part of the equity gains in the house. Indeed, the highestincome group (above the 90 th income percentile) exhibits higher MPCs out of gross housing assets as well as gross home-related debt compared to all other income groups above the median income.
12 Thus, these results are likely the combination of two coexisting effects, where the intrinsic MPC tends to fall with income but it also tends to increase with the ease of access to credit, which itself tends to be higher for wealthier individuals.
For low-income households, different dynamics might be at play. An important point to note here is that the lowest income tier in the PSID includes several households reporting 'zero' or negative income-where income essentially comprises taxable income and social transfers. In some years, these zero-income households represent more than 10 percent of the total number of households included in the lowest 10 th percentile of the income distribution. However, one can think of the possibility of having well-off individuals, which are not currently earning any income (for instance, small business owners reporting zero or negative profits, or rich students, or rich individuals currently not working and not receiving any official transfers), but that hold significant amounts of net assets. Thus, the presence of these zero-reported-income households is likely to affect the estimated MPCs for the lowest income group in our sample and are thus removed from the estimated results.
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A possible explanation for the relatively large estimated MPC at the lower end of the income distribution is that low-income households that would experience an increase in wealth (for instance, a gift or inheritance) would be more prone (relative to other income groups) to use that additional wealth for consumption purposes (and would thus have a higher MPC) either through disposal of the asset or-when possible-through increased borrowing. Indeed, the amount spent on consumption by lower-income households tends to exceed the amount they report as income (Figure 3) , suggesting that these households tend to also spend out of other sources of funds (i.e. other than their official or reported income). In addition, splitting the effects of an increase in gross housing assets from that of an increase in home-related liabilities, it is found that debt-driven MPCs also tend to be larger. This is true for all households, and particularly for low-income households (Figure 7 , Panel A).
14 This is in line with other finding in the literature. For instance, Mian et al (2013) find that ZIP codes in the U.S. with poorer and more levered households have a significantly higher MPC out of housing wealth. Cooper (2013) finds that house price appreciations affect household spending through the borrowing collateral channel, with most of the increase in consumption coming from borrowing-constrained households. Indeed, following Cooper (2013) , the sample is split between households with above median cash-to-income ratio and those with a below median ratio (as a proxy for household liquidity), and the estimations confirm that households with higher cash-to-income ratio tend to have lower MPCs (for all, net and gross housing wealth, and home-related debt). Similarly, Aladangady (2017) finds that additional home equity collateral can loosen borrowing constraints, increasing spending for households that value their current endowment of housing highly, and that looser borrowing constraints are a primary driver of the MPC out of housing wealth.
Finally, regarding the effects of total net wealth, results suggest that-in general-those MPCs tend to be lower for households with more income resources, although the estimated magnitudes tend to be fairly small (see Figure A1) .
15 This is also in line with earlier results in the literature, that use different estimation methodologies. For instance, analytic results by Carroll and Kimball (1996) and numeric simulations by Zeldes (1989) show that the consumption function is concave, which is also supported empirically by Parker (1999) .
It is worth noting that estimates of MPCs varying by household characteristics-such as age or income-may also reflect differences in portfolio composition, risk preferences, planning horizons, etc., which are not explicitly included in the regression, but indirectly captured through the different household measures reported in the PSID.
Implications of demographic changes
Another important factor in linking MPCs to household characteristics is that one can predict potential changes in MPCs going forward, based on the underlying trends observed in key household characteristics. Indeed, previous sections in this study showed that MPCs are closely related to demographic and socio-economic characteristics, such as age, marriage status, and employment, among others.
Moreover, several housing characteristics are directly or indirectly related to population ageing. Older cohorts not only tend to exhibit a lower MPC-perhaps as their ability to generate future income is lower (and/or they might believe that future health-related expenditure could be higher than anticipated), and thus would have a higher propensity to save relative to younger cohorts-but also as populations age, labor force participation tends to be lower, which would in turn also lowers the MPC. Even though it is not straightforward to disentangle the different effects of population ageing (as the different factors are not necessarily orthogonal to each other), what it is clear is that most of these effects are moving in the same direction (Figure 8) . In other words, underlying demographic trends point to potentially lower MPCs going forward. The direct effect of population aging is estimated to lower the housing MPC by about 0.3 cents out of every additional dollar in net home wealth every decade.
V. CONCLUSION
This study aims to quantify the marginal propensity to consume (MPC) out of total net wealth, as well as out of different types of wealth. Overall, empirical results suggest that the marginal propensity to consume out of net housing wealth is relatively large and significant, indicating an increase in household consumption of about 4 cents for every additional dollar of housing equity. Nevertheless, the MPCs for other types of wealth are found to be rather small and, when significant, these tend to be just a fraction of a cent for every additional dollar of net wealth. MPCs related to households' holdings of stocks are not found to be statistically significant.
MPCs are closely linked to household demographic and socio-economic characteristics. For instance, working age individuals tend to have a larger MPC for net housing wealth compared to older cohorts, as do those working relative to those not working. Similarly, individuals who are married or with a college degree tend to have a higher MPC compared to those that do not, or that are not currently married. Taken all together, underlying structural changes in household characteristics-particularly those related to an ageing population-point to increasingly lower MPCs out of wealth going forward.
Income distribution also plays an important role in determining the magnitude of housing MPCs, which are found to be larger at both ends of the income spectrum. Lower income households appear to derive significant consumption if they are able to borrow on the value of their home. Finally, using the estimated MPCs across income groups, results suggest that a sustained 10 percent fall in house prices would lead to a fall in aggregate consumption of about 1-1.4 percent. Thus, a large correction in house prices could still pose significant downside risks to consumption. However, the recent increase in the value of financial assets appears to have done little to support aggregate consumption. 
APPENDIX
MPC for total net wealth
